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MEET THE METHODS SERIES:

QUESTIONS TO GUIDE QUANTITATIVE

INTERSECTIONAL ANALYSES

What makes an analysis intersectional?

Intersectional analysis methods allow for each intersection of
interest to the study to have its own outcomes and effects.

For example, if you are interested in the health outcomes of
Black women, then outcomes for this group should be
obtained directly from the analysis, instead of summing or
multiplying the average outcomes for Black people with
those for women. The latter approach assumes that the
effects of being Black and of being a woman are
independent. This assumption is not intersectional. In an
intersectional framework, we assume that the effects of
different social identities or positions may be tightly linked
and interdependent.

If processes of oppression, discrimination, power and
privilege or structural factors like policies are of interest to
the study, these variables should also be allowed to have
different effects across different intersections.

For instance, the effects of ableism on health may
unfold differently for people who are disabled and
racialized, people who are disabled and gender-

diverse, and people who are all three.
Statistical analysis methods are not inherently intersectional;

they are only tools. Researchers who want to take an
intersectional approach should incorporate an intersectional

framework at all stages of the research process. Learn more’.

What questions should researchers ask themselves when
developing a quantitative intersectional analysis plan?

Discussions about best practices for quantitative
intersectional analyses are still ongoing. The most
appropriate analysis approach will depend on the data being
used, the intersections being studied, and the research
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question. Here are a few guiding questions to help develop
your analysis pipeline:

QUESTION 1 P> Is your analysis descriptive or analytic?

Descriptive analyses allow researchers to describe and
characterize inequities across different intersections. This
approach is important for highlighting experiences at
intersections (including those that are rarely studied), for
identifying inequities, and for generating hypotheses. For the
simplest example, data could be summarized and plotted at
each intersection; this method is called cross-classification.

Analytic analyses can be used to investigate the causal
processes or structural contexts that might be generating
inequities, allowing for policies and practices which can be
intervened upon to be identified. For example, interaction
analysis? (also referred to as effect measure modification)
allows social intersections to modify the relationship
between process variables and the outcomes they may
produce.

INTERACTION

Effect of discrimination
on psychological distress

DIRECT EFFECT

PROCESS VARIABLE
Discrimination

OUTCOME
Psychological distress

INTERACTION

Differences in the effect of
discrimination on psychological distress
between Race x Gender groups

INTERSECTIONAL GROUPS
Race x Gender

Adapted from Bauer & Scheim 20193

Institute of Gender

and Health

Institut de la santé des
femmes et des hommes

% CIHR
SeEIRSC



https://cihr-irsc.gc.ca/e/51596.html
https://www.sciencedirect.com/science/article/pii/S2352827321000732
https://www.sciencedirect.com/science/article/pii/S2352827321000732
https://cihr-irsc.gc.ca/e/52352.html
https://cihr-irsc.gc.ca/e/52352.html
https://www.sciencedirect.com/science/article/pii/S0277953618306889

Interaction can be combined with mediation analysis® to
allow the mediating variable to have different effects at each
intersection due to different levels of the mediator and
different effects of the mediator on the outcome at each
intersection. This is sometimes referred to as intersectional

mediation decomposition.
software that can be used to implement intersectional
mediation decomposition®.
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TIP: Early theoretical work in intersectionality used
mathematical language as a metaphor. For example,
the cumulative effects of intersecting social
identities and positions have been described as
“multiplicative.” For those familiar with

mathematical terminology, it is important to note
that intersectional statistical analyses are not
multiplicative in a mathematical sense. In fact,
additive scales - like those obtained through linear
regression - are the most appropriate for conducting
intersectional analyses. Learn more2.

QUESTION 2 p What is the focus of your research question,
and what are the roles of social identities, positions, and
processes?

If your analysis is analytic, consider what the intervenable or
modifiable factors are in your analysis. In general, social
identities and positions cannot be modified to improve
health. Rather, social processes and structural factors can be
intervened upon. These factors should be analysed and
modeled to provide guidance for interventions.

Learn more about statistical

QUESTION 3 p» How many intersections will be considered?

Cross-classification, regression, and all

analytic intersectional approaches

work better with a small number of

intersections (i.e., fewer than a dozen).

Decision trees (which automatically

segment data using machine learning

techniques?®) and multilevel modelling

with individual-level data can handle

highly multidimensional data, where

you might have hundreds of intersections. Learn more about
different quantitative methods® and multilevel modelling?.

QUESTION 4 P Do you have nested, multi-level data?

If you are using school-level, municipal-level, neighbor-
hood-level or within-subject repeated-measures data, for
example, you will want to use multi-level methods.

QUESTION 5 P> Is it important that you produce estimates
of precision, like confidence intervals?

For example, regression and cross-classification produce
estimates of how precise your results are, while machine
learning methods do not®. Having estimates of precision
may be especially important when studying small
intersections, which sometimes have imprecise estimates of
outcomes and effects.

QUESTION 6 > Is it important for you to report on
within-intersection heterogeneity?

If only one central measure is produced for each intersection,
there is a risk of misrepresenting the level of similarity among
people at that intersection, and overinterpreting average
effects. This approach risks attaching health- or disease-re-
lated stigma to individuals at an intersection or leading to
misguided intervention strategies. Consider documenting
and reporting within-intersection heterogeneity.

The views expressed in this document are those of Greta Bauer and do
not necessarily reflect those of the CIHR Institute of Gender and Health or
the Government of Canada.
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